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1 import selenium

2 from selenium import webdriver

i options = webdriver.ChromeOptions()
4 options.add argument('--headless')

import time
term = 'abc
link = 'https://itunes.apple.com/search?country=us&entity=software&term='+term+'&limit=100"
4 browser = webdriver.Chrome(executable path='chromedriver')
5 browser.get(link)
5 time.sleep(2)
browser.page_source

Zhism json 74 ILTIE, AR D K512, & /—F(EIgame_center]. l'genre]. lprice]. MNanguagel%i&
D1 DODHEEERLET , LI=M> T, for L—F Tjson Z7MIL T —2EHMHBELET . ThiotT—47
L—AICBEELET, 85TH 35000 TOT—2EMFLET,

import pandas as pd
import json
def file to df(file):

t = open(file, "r")

W N e

5 text=t.read()
6 try:
7 jsontext=json.loads (text)

8 name, ID,release,game,device,current_release,size,cnt_shot,rate_ver,rate_cnt_ver,genre,primary,currency,pri
9 if jsontext["resultCount"] != 0:

10 for i in range(len(jsontext['results'])):

11 nm=jsontext[ 'results'][i]['trackCensoredName']

12 name.append (nm)

13 id =jsontext[ 'results'][i]['trackId']

14 ID.append(id )

15

16 if 'sellerName' in jsontext[ 'results'][i]:
17 sel=jsontext[ 'results'][i][ 'sellerName’ ]
18 seller.append(sel)

19 else:

20 seller.append(None)

ZLT. T2 7L—LRRDESI1ZHBYVFET,

Out[7]:
GameCenter ID  cur_release currency description genre language name num_device num_display
2017-03- Kalender GKY
0 False 1211999956 26T20:22:247 usD disediakan oleh [Business] [EN] Kalender GKY 58 3

Sinode GKY, didal...

GKY Puri Mobile App

2018-12- [Books,

1 False 1390457257 e usD provides News, : [EN] GKY Puri 58 8
04T03:56:55Z2 Magazines, ... Lifestyle]
Read through the
2017-01- P i [Books, [ZH, EN,
2 False 492008270 gr05.50.087 USD Biblein3 yearsMu:mg Referenca] o] GEMA 58 5
. [Games,
3 False 998550591 2016-02- parr T el o e Business, [ENI WLR UK 63 4
26T22:53:562 i oaime Racing,
with real... ; ;
Simulation]
2018-06- WLR is Waterford's
4 False 390426794 15T17:21:542 usD favourite radio  [Music, News] [EN] WLR FM 58 3
i station. We...
[AR, HY,
CA, CS,
This app provides you . Yo ‘ N
2018-07- . - [Music, DA, NL, Radios Ireland FM Irish
s False 1078012508 ny1o0:55.152 030 with'a free, sa';’;"'e Entertainment]  EN, Fl, Radio 57 A
FR, DE,

EL, H...
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New df.fillna(value=0)
2 New_df.reset_index(drop=True)
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TW3BEEIE, COBWEDOTIC1EZI—ILET, £S5 THEWMERF. 0&LTI—ILET,
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Hooray, CDESIZEIET HL . BREMICT—FNENETLET. FMOMITALSE,

TR A IUTAR M FAA VRBICMAT—EOT—2 £ BRY 5LDIZF, T—2IZFE
PIFETEICETETIVIIRBIZBYVES, T2 ORFEIE, FITISRID 1 DDHET
T REBTSITT— 20— RULESMERBLEY., #BJ S5 7 THNIEZRELEY, 200
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ChEHLEEDT o LFoTOERMAELERVET, TAEFETI VT ORETY !

BHFEBIIOVWTET LE, TADVEEHYEELBMBELFED 220HTIVIZHT5AB
EFHELLHOTWET, BEFHYFELEX, ANELHANE (X&Y) OmMAZEERALEBAZE
LETH, HELG LFEBIIEE, T FZBLEICK>TISRE—ICHELETS.

R & Python DA TETY VI T 30089 5—hRHYET, Python T, [sklearn] /8y
—SFA VA M=ILET, CHIFMAAHNNYr—DTIEE L=, [pipinstall] Z#EALT
AVAP—LTERBERHDLISEELTLESIL, TRTOETI VI TOLROENDRT
vFEk. WODTF—E2EbL—=2YJ, TR, BLUVRIETRA MMZHEFTSHZETT, ¥, 5:2
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REIBFLEHLTLDOTHE=0H,. BIDRATYTELTERALET, R—RXS5AVIZETINT, £
TILEBENICHELET, 1 20OETIOESHEZHET5-OICHERAT SEELICIX. BHEEH
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LTWET, DT S571%. LROTRTOETILOHEREZRLTWET,



Train Valid Test Train Valid Test
(accuracy) | (accuracy) |(accuracy) | (precision) | (precision) | (precision)

Linear 86.87% 86.77% 86.75% 34.36% 33.90% 33.77%
regression

Logistic 88.20% 88.20% 88.09% 40.99% 41.04% 40.45%
regression

ANN 90.11% 90.10% 90.09% 36.52% 35.71% 38.75%
(all features)

ANN 87.83% 87.44% 87.69% 44.58% 43.49% 44.05%
(no “music™)

ANN 90.23% 90.25% 90.04% 58.14% 54.69% 51.79%
(final - no

“music” and

“t30editor”)

k-NN / 90.58% 90.58% / 60.66% 60.87%
Decision 90.62% 77.42% 76.12% 85.06% 67.81% 68.46%
Tree

Random 98.35% 84.81% 84.02% 95.64% 60.87% 58.33%
Forest

HROER

HEEOELGEMFELEFIESRRALOEMICEAL T, BROXEF-EHROEHITEREL T LS
Lo TpfEl . TERABFEFA R . [EERME] GEQO M) yXF—GHBEOERIERLTE
S, EMMNGHEAHBRRESHSICERFIFTHELLNOETY, -, FHELHRRVPDVEICLLIES
LHYFET, BEICL>TE, HEHTEVERD-HDEEE,

BREEEAH

D—520—-MNETLEL, 97— 70—%BRICHEBASLUVENT E-HODELNLKR—FEEE

lreadme] 27 A INEERTIVERHYFET, Chik, O a5+« TERAETEMNRATREL
D—970—%#EITHLEZENELTVEESHTT, COKSICLT., AHEODT—4ty M2
2TWAARR, 79— 270—%38RBLT, #BO7—-70—%hR4T/4 ALY, 97— 70—
FEEBFALEYITZIIENTEET, ChiTkY, FEOSFEREYBRNIZLRYFET, £—7F
VUY—RELTOD lreadme] FHFRXAKMZEY, RMDSAZa=FADTF—EHBAITVT1 A MET
Oy F2EKYK<KEBL, BEICHCTHRENICRET S EMNTEET,
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(Chinese Data Institute) T—# ZfERH L7z R D4
AT =7 70 —REDI IR ERIRLET,

N

) P— [:—1 —
. f ; X-Y Plot
= v > | e  —» '
| LA A lsyf
Enter Data Set Data Type Get the sumSet Data Type Create coltmn ?¢<:
of 3 start ... Bank, . ..

\ir.—':' Plot

X-T Plot

=7

[ |
—

library({ggplot
vy

HZDTF—F ¥ ML, 19494015 2004 EF TOXEIERFTEDOMND A Z — b7 v 7L
BEENTHET

1N T —F 2 — NTE2U6ERHV LT

#Excel 7 7 A V&L MNOAREEE L CHOMPLT—22BBT5ZLicky, #lLLTd
REFERALEY)

Beijing<read_excel("E:/RMDS/CHINA_DATA_LAB/Final_Reports/Alteryx_input/2004
Finance_by Province_1.xlsx",sheet="Beijing")

27 —F%u— RNLtk, 7—FBEHELET,
(EDITHETIZDIC, BRIATHREETHHZ L 2R L TIEIV, )
sapply(Beijing,class)

BT — S RERMEICER Lk, RF— 7 v THEOREEHET 572D DH LWFIBKLETT,
Beijing$Beijing_Total<- Beijing$ Banking startup total (I_6810, |_6820,1_6890)" +
Beijing$ Securities startup total(l_6910, |_6920, |_6930, |_6940) +Beijing$ Insurance startup

total (I_7010, |_7020, |_7030)’

ABFROFINTELD, HEENBEERE L LBEG2HETILEND YV T (T TO—FIT



ED)

Beijing$Beijing_Banks<-ifelse(Beijing$Beijing_Total== 0,0,Beijing$ Banking_startup_total
(I_6810,1_6820, |_6890) *100/Beijing$Beijing_Total)

S5RIZ, 1949FENE 2004 X COIESERRFI— Ty 7HEBOERO ey M E2/ERLET
(ggplot Xy &r—T %fER)

6.&BIZ, ury b pdf 77 A M7 AR—bFLEY, (ggsave B%%AEH)
HARKRD LB T,

Proportions of Start—-Up Financial Institutions in Beijing(1949-2004)

100 -

| | | 1 1 |
| | | | colour
| | | | | Banks
| | | — Insurance

II — Securities

Proportions of Financial Institutions(%)

1 | 1 |
1950 1960 1670 1980 1900 2000

XA ¥EY FICEETEIT—FZ#FEH LR OH :
% 54,000 D Z A ¥E > FOMitg & ZDOMDBHEEFLL A ¥YEL KT —F &Y |,
“hix, Ry —Y-ggplot2 HDF—F & v FTY,
FAYEy FOBFERY—7 70— 3RO LB TT,
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diamonds Gradisntc Predict Save B Object

Boosting. ..

Teat

F—Z%&Zua—FL, RELTWSELHERLET

#Load and look at the data diamonds data("diamonds")
head(diamonds)

#Check missing value
sum( is.na( diamonds ) ) > 0 #is.na<=0 which means there are no missing value

EORBETNADTVEFLAY—F2RELET
set.seed
FALVEV RER LAV ETRA DT —FEy NZHEILET

Sample.split()
#There many ways to split data, make sure how much percentage in each dataset

BOIOETNVEERLET )

#In this workflow, | use linear regression model for my first model

#Before | build the model, | use ggparis() to check the correlation #between different variables to
finalize which variable to use.

Example:

lin_regress<-Im(price~.-x-y-z,data = train)

FEFEL RN 2 LBBERERL T, EFALBRICOVWTOTATTERELET,
summary(lin_regress)
TANTFT—ZEHRBERET MICEELET (HEE)

predict(lin_regress,test



1. FHERERALED, REORREEBLT, T7 L0 RTVATHRBELHETS £
(R4

#There are also other ways to measure the performance of a model, e.g.
https://indatalabs.com/blog/predictive-models-performance-evaluation-important
sgrt(mean(Final_Data$error"2)

2. Wiz, Gradient Boosting Machines ZfEH L THIDET NV E/ER L, WERH D0 E ) %
BRLET )

# | use package #library(gbm)

# There are many other packages to use like xgboost, h20, caret, etc.

# | change the interaction.depth to 3 to have better perform.

3. HiERILEHIZ, TR =%ty M GCBMETNVICEETIXLENHY EF
#Estimation our prediction A7z HDOFH (RFEH V)

4. ZOETNO_REHEHGIRRELFELET

# Compare the error with the previous model and find the better one

5. MBDOFER, AT —RT 4 VT~ VBT AVD RMSE BI/NENWZ ERbNELE, 20
B TMiEEFRITAZ EIZLELE (3317)

LLE=2—¢R&RBOTakX

TJ—2 70 —0NETTheE, ZOHTAL RT v 7 BRBRTIHIEHRIINE-> T, EMREESNTY—F 7
a—FHERLET, KBINS L, MOFEMAENER L (XECTESLH LI, A—FrY—R¢EL
TaIa=T4DWeb¥A MZT v7Fu—FIhET,

TEMNFEEHORLITEVWET, RMDS 2 2= 4 ~DIZBMELIVEBHELLTBY £
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